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In a neuron, the weights 𝑤𝑖𝑗
𝑘 of dendritic 

synapses are adapted based in the information 

on the weights 𝑤𝑗𝑛
𝑘+1 of its axonic synapses
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Conclusions

• The B-L-algorithm is mathematically 
equivalent to the C-B-algorithm, but has many 
advantages in terms of implementation and 
biological plausibility. 

• The B-L-algorithm can be generalized from 
neural networks to general systems, making 
them capable of learning just like neural 
networks.

• One practical application is to model reference 
adaptive PID control.
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